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[ Abstract] The paper aimed at introducing the concepts, functions and the calculation methods by using the statistical software
of the principal components discrimination analysis. Although there are many methods of the discrimination analysis, only the
discrimination analysis method based on " the principal components variables" and " distance" were introduced in this paper. The
results in the paper indicated that two results of the discrimination analysis were the same based on " the princial components variables"

or "original variables" , respectively. Whether the conclusion for any dataset is always correct, the definite answer can only be given

after the further research.
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g X, X, X, X, G X, X, X, X, G X, X, X, X, G
1 5.1 3.5 1.4 0.2 1 7.0 3.2 4.7 1.4 2 6.3 33 6.0 25 3
2 49 3.0 1.4 0.2 1 6.4 3.2 4.5 1.5 2 58 2.7 5.1 1.9 3
3 4.7 3.2 1.3 0.2 1 6.9 3.1 49 1.5 2 7.1 3.0 59 2.1 3
4 4.6 3.1 1.5 0.2 1 55 23 40 1.3 2 6.3 29 56 1.8 3
5 50 3.6 1.4 0.2 1 6.5 2.8 46 L5 2 6.5 3.0 58 22 3
50 5.0 3.3 1.4 0.2 1 57 2.8 4.1 1.3 2 59 3.0 5.1 1.8 3
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proc format;

value specname

1 = Setosa ~

2 = Versicolor”

3 =Virginica ;
run;
data iris;

title Fisher (1936) Iris Data’;

infile f:\cce\150 ¥k 1F 2 J@ A 90 DU 300 PF- A/ F5 Am 9%
Aty

input SepalLength SepalWidth PetalLength Petal-
Width Species;

format Species specname. ;
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label

SepalLength = Sepal Length in mm. ~

SepalWidth = Sepal Width in mm. *

PetalLength = Petal Length in mm. ~

PetalWidth = Petal Width in mm. %

symbol = put( Species, specnamel0. ) ;
run;
proc princomp data = iris prefix =z out = bbb;

var SepallLength SepalWidth Petallength Petal-
Width

run;

PROC DISCRIM data = bbb METHOD = NPAR K =6
MANOVA LISTERR CROSSLISTERR;;

CLASS Species;

VAR z1 - #4;

RUN;

2.2 SASEFEEHHERNER

DISCRIM 5 4
VL R HERE 19 70287 6L . WORK. BBB
DL R0 38 IR TE T B 6 AN e 20T i 4
SR (EN
43 A5 Species” ML ERT & 43

M\ Species Setosa  Versicolor Virginica &it

Setosa 50 0 0 50
100. 00 0.00 0.00 100. 00

Versicolor 0 49 1 50
0.00 98.00 2.00 100. 00

Virginica 0 1 49 50
0.00 2.00 98.00  100.00

&t 50 50 50 150
33.33 33.33 33.33  100.00

L 0.33333 0.33333  0.33333
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“Species” [ A5 E A T

Setosa Versicolor  Virginica Total
e 0. 0000 0. 0200 0. 0200 0.0133
L 0.3333 0.3333 0.3333

PRI 2 2 2RSS 3 26454 — e dh
BT o

{EAR— 3R AR A B Bk 225 32 A e 1Y
FN50 o3 B 48 2R 5 R G i oy A e ) 53 B 4
S WAE D, R A A AR I S )
13T A 5t — AL

S

[1] MRV EX¥SGi%—z =M T 28550
[M]. dext: NRZFERBEL ML, 2010 188 -240.

[2] SR SASEHHgHH AT EAIM]. 2 . dbat: 7 Tl
WAL, 2015 575 - 588.

[3] BOREm. el P IM]. dbat: Bl RAd, 2006 539 - 546.

(4] B ROBSEIRIZH R AIM]. dbnt: HF TR
#L, 2016 122 —141.

[5] Jaldste. plassd (M. dbst: AR, 2016 73 - 196.

[6] REZ. BHFPIESEITHE—T RMMAIM]. 3 7. Jt
ol PEARKE AL, 2015 41 -56.

(Wi B 872018 - 04 - 02)
(ARG R &)



