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[Abstract] The purpose of this paper was to introduce five key techniques and the multi—directional decomposition methods

of effect components in the analysis of causal mediation effects. The contents of the five key technologies were as follows :

@D identification of causal mediation effect; @ regression method of causal mediation effect analysis; @ maximum likelihood

estimation; @) estimation of total effect and various component effects; (® estimation by bootstrap method. The multi—directional

decomposition methods included 3 bidirectional decompositions, 2 three—directional decompositions and 1 four—directional

decomposition. Through an example, a causal mediation effect analysis model including covariates and interaction terms was

constructed with the help of SAS, bidirectional decomposition, three—directional decomposition and four—directional decomposition

were carried out for the total effect in the causal mediation effect analysis, and the output results were explained.
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AR AL 39.333% 1. 370 36. 647~42. 018 28.700 <0. 010
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